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Abstract  

 

The increased and diverse use of AI systems entails at once potentials and risks for societies and 

population groups in different contexts. This research therefore investigates current practices 

towards “good” AI usage and development, to formulate reflections and recommendations for 

making AI able to tackle inequalities. Providing a state of the art of the current issues regarding 

inequalities and different usages of AI, the article explores (i) how current actors working with AI 

deal with inequalities existing in the current use and development of AI technologies, and (ii) which 

are the existing or potential mechanisms and/or means to address biases in AI systems, and, 

therefore, data collection and data analysis. The used methodology comprises qualitative interviews 

with experts from various backgrounds. Thus, the article contributes to the current policy debates 

around ethical, fair, and transparent AI, providing an overview of the possible directions towards 

“good” practices of AI and situating the findings in a larger perspective on technology, 

participation, and access. The findings are therefore relevant for regional and international 

organisations working on possible regulatory frameworks for AI (such as the United Nations), as 

well as for companies, civil society and initiatives aiming to promote more inclusive AI programmes 

and awareness of biases in AI systems.  
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Potentials and challenges of  Artificial Intelligence to tackle 
inequalities 

 

Raquel De Haro, Mireia López Álvarez, Anna Katharina Osterlow and Franz Schmid 

1 Introduction 

The development and usage of Artificial Intelligence (henceforth AI) entails at once potentials and 

risks for society. The reproduction of discriminatory structures through biases in algorithms is 

widely acknowledged and well documented in the scholarly literature. For example, automated 

software programs to allocate public resources in the US (Eubanks, 2018), discriminating facial 

recognition resulting from a biased training dataset (Algorithmic Justice League, 2022); or 

discriminatory human resources software (D’ignazio and Klein, 2020, p. 28; Dastin, 2018). 

 

Considering the raising critiques about the risks and possible abuses of AI technology in the 

literature (Eubanks, 2018; Noble, 2018), this research aims to investigate current practices towards 

“good” AI usage and development, to formulate reflections and recommendations for making AI 

able to tackle inequalities. Examples of AI systems which are currently developed and used to 

improve the livelihoods of, for example, elderly people in a situation of vulnerability by prediction 

(SeniorDomo), or people suffering from neglected skin diseases (World Health Organisation) 

provide starting points to investigate further examples of AI, developed for the societal benefit.  

 

The aim of this research is to explore (i) how current actors working with AI deal with inequalities 

existing in the current use and development of AI technologies and (ii) which are the existing or 

potential mechanisms and/or means to address biases in AI systems, and, therefore, data collection 

and data analysis. The used methodology comprises qualitative interviews with experts from 

various backgrounds and provides general reflections and recommendations for a better AI usage 

and development in the future. 

 

The findings are therefore relevant for regional and international organisations working on possible 

regulatory frameworks for AI (such as the United Nations), as well as for companies, civil society 

and initiatives aiming to promote more inclusive AI programs and awareness of biases in AI 

systems.  

 

The paper is divided into five sections, starting with this introduction. In the next section, we 

provide a literature review to the current discussions on AI’s risks and harms and an overview over 

actual fields where AI is used. Next, we outline the qualitative methodological approach, which is 

followed by the interviews’ analysis, presenting the main themes outlined by the experts. We 

conclude with a discussion of the findings and general reflections for a future dealing with AI 

systems, which centres on the person and considers inequalities as well as different contexts, so AI 

can better serve the building of a tech society that is more ethical, fair, and equal.  
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2 Literature review and background 

Artificial Intelligence (AI) is rapidly transforming our world. The Council of Europe (2019) states 

that “AI-driven technology is entering more aspects of every individual’s life, [...] is increasingly 

being utilised by public authorities to [...] make decisions that can have real and serious 

consequences for the human rights of individuals.” (COE, 2019: 5).  Many actors have shown a 

deep interest in AI technologies and the role of AI in various aspects of society, such as economy, 

industry, health care or education. The recent AI Index 2022 Annual Report published by Stanford 

University (Zhang et al., 2022) provides some thorough analyses that further exemplify the role AI 

has taken in the last years. As an example, the total investment in AI technologies has risen from 

5.2 billion USD in 2013 to 176.47 billion USD in 2021.  

 

Hence, international organisations (namely, the Council of Europe, the European Commission 

with the AI Act, or the OECD), expert groups (such as the European Commission’s High-Level 

Experts Group on AI), academics (among others, Ertel, 2019 and Flasiński, 2016) and the private 

sector (Forbes, 2020) have provided a definition of AI. For the purposes of this project, AI will be 

defined as any 

 

“Software (and possibly also hardware) systems designed by humans that, given a complex goal, act in the 

physical or digital dimension by perceiving their environment through data acquisition, interpreting the 

collected structured or unstructured data, reasoning on the knowledge, or processing the information, derived 

from this data and deciding the best action(s) to take to achieve the given goal. AI systems can either use 

symbolic rules or learn a numeric model, and they can also adapt their behaviour by analysing how the 

environment is affected by their previous actions” (AIHLEG, 2019: 1). 

 

 
Figure 1. AI systems simple functioning. Source: own elaboration based on the OECD infographic (2019) 

 

It is not possible to understand to which extent AI systems can influence our lives without 

mentioning machine learning (ML) models. According to the Council of Europe (2023), “machine 

learning makes it possible to construct a mathematical model from data, including a large number 

of variables that are not known in advance”. These can be supervised by humans or unsupervised. 

Some AI systems behave autonomously, which makes them work as “black boxes” where the 

programmer is not able to predict the outputs nor explain the reasoning of the algorithm. In this 

context, a legislative framework is essential. 

 

To date, there is no international set of legal rules applicable to AI systems and their use, 

especially regarding the protection of human rights. Different countries are developing and 

implementing AI technologies at different rhythms; hence governments have varying levels of 

pressure and needs to regulate the field. The major trends on how to regulate AI have been marked 

by the approaches of the EU, UK (Cath, et al., 2017), US, China (Roberts, et al., 2022)) and Canada, 
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all of them developing national AI strategies. Recently, the African Union member states are also 

developing their “AI Continental Strategy for Africa”, which is to be launched in the first quarter 

of 2023 (African Union Development Agency, 2022). 

 

For example, the EU AI Act (2022) aims to balance the protection of fundamental rights whilst 

promoting AI innovation. One of the effects of these changes is the narrower definition of AI; the 

inclusion of regulatory sandboxes1 for SMEs to remove potential barriers when launching a new 

product; the extended prohibition of social scoring to private actors; or the inclusion of socio-

economic vulnerabilities. Also, this regulation proposes a risk-based classification for AI systems, 

increasing the transparency for high-risk systems. The US is planning a sectoral regulatory 

framework, and it does not propose banning any AI technology such as facial recognition. 

Moreover, each government agency will work to prevent abuses of any AI technology in its own 

domain (in the EU a central Board will be created). The UK’s National AI Strategy also allows 

different regulators to take a tailored approach to the use of AI, similar to what Canada and Japan 

are doing. In South America, Brazil is leading the AI legislative framework forcing companies to 

disclose their algorithms and giving individuals the right of information on their use. Chile, 

Colombia, and Mexico are following its pathway. On another note, China has taken a different 

approach than the previous countries focusing on setting rules on the use of algorithms to make 

recommendations to combat disinformation. For extra information, see the OECD AI Policy 

Observatory dashboard with national AI policies and strategies from 60 countries, territories, and 

the EU (appendix, p. 22, figure 2). 

 

AI brings possibilities but also potential risks both to individuals as well as society at large that need 

regulatory approaches. One of the main risks are biases, considered “outcomes which are 

systematically less favourable to individuals within a particular group and where there is no relevant 

difference between groups that justifies such harms.” (Lee, N., Resnick, P., and Barton, G., 2019) 

Bias in AI systems can arise from (i) unrepresentative or incomplete data; (ii) the reliance on 

historical data containing inequalities; or (iii) because of prejudices (or certain exclusive decisions) 

made during the algorithm development. For example, AI systems can have an impact on citizens’ 

rights and democracy, affecting private life, personal data and freedom of expression ((EPRS, 2021: 

3), as well as may present biases in HR selection processes (Dastin, 2018), public social and 

healthcare (Obermeyer, Powers, Vogeli, and Mullainathan, 2019), judicial system (McQuillan, 2015: 

567f), among others, such as loan applications, university access, financial decisions or media 

pluralism (OSCE, 2022) (for an overview of applications and expected biases see appendix, p. 22, 

figure 3). 

 

The next section presents the research approach and research question, which emerge out of the 

literature review, following examples of actors who are aware of the possible risks of AI, mentioned 

in the literature. 

 

 
1  Regulatory sandboxes provide participants of the initiative the opportunity to undertake controlled experiments and 

testing of their products under the supervision of relevant authorities. The sandboxes therefore provide an 

environment for providers to test the compliance of their product before it is launched on the market. 
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3 Research approach  

3.1 Motivation and research question  

A lot of literature has recently been focused on biases and negative side effects of the use of 

algorithms within AI systems. Therefore, this research aims to enable new insights into existing 

“good practices”2 of AI systems’ usage and development by looking for ideas and reflections and 

providing recommendations for making AI able to tackle inequalities or make AI systems 

themselves less prone to biases.  

 

This research looks to answer the following questions:  

 

1) What are the potential mechanisms, means or actions identified that would address biases 

in AI systems to prevent or tackle inequalities?  

 

2) Which motivations, principles and values are inherent in these approaches and which 

guidelines can be derived from these to formulate legislative frameworks and 

recommendations for humanity? 

 

The aim of the research is to provide recommendations that may be relevant for regional and 

international organisations working on possible regulatory frameworks for AI, such as the United 

Nations and its bodies, as well as for companies, civil society and social initiatives aiming to 

promote more inclusive AI programs and awareness of algorithmic bias. Also, the motivation 

behind the research is to provide an idea, from an analytical perspective, of the necessary 

regulations and approaches to be taken towards a development and usage of AI systems, which are 

addressing existing inequalities. 

3.2 Methodology  

Thirteen semi-structured, in-depth interviews (Clark, et al. 2021) were conducted to find out the 

perspectives, motivations, visions and aims of the interviewees working with or in the development 

of AI systems in different sectors (for a detailed background of the interviewees see appendix, p. 

23, figure 4). 

The chosen interviewees are dealing with AI within the fields of health and social sciences, ethics, 

research, art, technology development, policy making and advocacy, which led to overlaps between 

private and public sectors. Based on their expertise and work in the AI sector, we chose participants 

that “represent the diverse landscape” (Saldana 2011, 33) of actors working in AI and claiming to 

pursue alternative or critical approaches. After an initial list of interviewees, we used a 

 
2  Good practices in this research refer to those projects, programmes, mechanisms, regulatory frameworks, or any 

other initiatives aiming at contributing, developing, improving AI systems to prevent or mitigate biases that may 

perpetuate existing inequalities or create new ones. All the initiatives aiming at having a positive impact for a specific 

community or goal with the use of AI are also considered a good practice.  
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“snowballing” method (Taylor, Bogdan, and Marjorie L. 2016, 108), to reach out to further 

interview partners. Therefore, the subjects have been selected due to 1) their relevance and possible 

contributions to the research and 2) their availability, representing a purposive sampling that is not 

randomised but based on the kind of information they can provide.  

In-depth interviews allow for a “detailed exploration” of a particular topic, “which the interviewee 

has substantial experience and […] considerable insight” (Charmaz and Belgrave 2012, 348), 

directed towards gaining insights to the interviewee’s perspective, “expressed in their own words” 

(Taylor, Bogdan, and Marjorie L. 2016, 102). Thus, the questions in the interviews contained key 

topics that were asked in an open-style format, allowing the interviewee to highlight aspects or 

bring up a topic relevant from their viewpoint (Taylor, Bogdan, and Marjorie L. 2016, 122; Guthrie 

2010, 119; Saldana 2011; Brinkmann 2014, 286). This format further allowed for follow-up 

questions to get a more detailed understanding of aspects that emerged unforeseen, during the 

interviews (Guthrie 2010, 120).  

The interview template was designed to mainly address the following topics (for the detailed 

questionnaire see appendix, p.23): (i) professional background; (ii) meaning of terms related to 

“good” uses of AI, such as “explainable”, “responsible”, “ethical” or “transparent”; (iii) potential 

mechanisms and visions on developing future AI systems without biases; (iv) different values linked 

to AI systems; (v) issues related to AI systems’ biases to bring to the global agenda; and (vi) 

legislative framework or international agreements. 

The interviews were conducted on-line and recorded for transcription using a voice recognition 

software (Otter.ai, California, USA), in an open coding format (Charmaz and Belgrave 2012, 352). 

The latent coding process used involved a broad highlighting of recurring patterns and common 

topics, to identify relevant aspects but leave space for diverging points within the interviews. (ibid., 

356; Babbie, 2020, 301) The interviews have been cross-coded and analysed by at least two 

researchers to ensure impartiality. The observed main topics and insights are summarised and 

contextualised in the analysis section (see section 4).  

The interviews have been conducted from October to December 2022 to avoid jeopardization of 

the answers. The interview languages were English, Spanish, German, and Catalan. Moreover, at 

least two interviewers have analysed each interview to guarantee a wider approach and a common 

understanding of questions and answers. The responses were anonymised, and quotes were 

translated into English when needed. 

3.3 Limitations 

The original design of this project also included the gathering of quantitative data. For that purpose, 

a survey was designed and distributed online contacting institutions, organisations and single 

people working with AI. The survey gathered demographic data and attitudes towards different 

aspects of AI, such as regulations or transparency, among others. Also, the tested and validated 

GAAIS questionnaire (Schepman and Rodway, 2022) was included. However, not enough 

responses (Ncorrected=33) could be gathered to ensure reliable and valid results. Therefore, it was 
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decided not to include the survey data in this article. (Both the questionnaire as well as first analyses 

are included in the appendix, p. 25)  

 

If possible, the interviews could have been complemented and juxtaposed with general attitudes 

towards AI regulation, which would have provided an idea of the feasibility and readiness of actors 

to take up recommendations. However, future investigation could take up this research approach, 

investigating how far regulations and recommendations are appreciated or rejected by actors in the 

AI sector. 

 

Regarding the interviews, a broader geographical scope of interviewed experts would have been 

desirable. Thus, further research should include experts from a greater variety of regions, to gain a 

more diverse sample of perspectives. 

4 Qualitative analysis  

This section presents the recurring topics and concerns that were clustered out of the qualitative 

interview data based on the semi-structured interviews with experts from the AI sector. Following 

the methodological steps outlined in the previous section, the main topics which emerged out of 

the material, and which were articulated by most interviewees are presented here. 

  

A. Acknowledging difference in AI frameworks and systems 

Many of the interviews stress the need for a contextualisation in relation to the development of AI 

models and data collection for AI systems. This refers to the implicit values and cultural patterns 

embedded in technologies, arguing for the need to diversify and reflect these. Current AI 

technologies are designed according to an imperative of modernity, productivity, and efficiency, 

thereby building on a Western model of the world (P1, 26:34; Y, 11:44; U, 13:17). From this 

decolonial perspective, the dominance of Eurocentric ideas and values in most ethical AI 

frameworks as the most valid system are criticised. With the words of one interviewee:  

 

I don't think it is possible […] that we have like a shared system of values on which to build a framework 

of ethics. Because the frameworks that we employ, particularly in European policy is based on 

Eurocentric ideologies, that have historically been harmful to people in the Global South (Y, 11:44). 

 

Following these critiques, a universal approach to fair or ethical AI is not possible. Instead, ethical 

AI frameworks need to be contextualised, leading to different models in different socioeconomic 

and cultural settings. The latter also explains why specific AI legislation has been first developed 

within niche sectors, such as the autonomous vehicle, with prevalence over developing a general 

AI legislative framework (C, 18:41). The lack of concepts and frameworks of fair AI from the Latin 

American and African continent are a recurring aspect in the interview answers, arguing for a 

crucial need to diversify both international policy-making practices as well as research debates. 

 

From another angle, one interviewee takes up the example of data collection in South Africa to 

explain the relevance of contextualisation of datasets and development of algorithms, both inherent 

to AI technologies (D, 36:13, 40:57). Here, a one-dimensional approach which aims to include 
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“African data” in general, will not be able to capture the different ethnic and gender dimensions 

and hence might produce new biases, perpetuate existing ones, or simply fail to work. This reveals 

the importance to also reflect historical structures of exclusion in societies within the frameworks 

of data collection and assess the different impacts that an algorithm developed from such a dataset, 

might have in different settings. 

 

B. Access to AI technologies 

From another point of view, access to AI is defined in terms of knowledge about AI and thereby 

the ability to understand the embedded technological systems, the impact and risks connected to 

them and the ways they rely on personal data. Here, the approach to “democratise AI” is 

mentioned, which aims at making AI understandable and assessable for citizens (D, 9:07).  

 

“Making it more relatable, understandable. But also accessible to the people. [...] If you're privileged, as a 

citizen, you understand AI, have some level of digital access, and some knowledge about it.” (D, 9:07)  

 

Equally, terms like “understandable”, “transparent”, “interpretable” and “explainable” AI were 

used by several experts to bring up a claim for more educational approaches and clarifications on 

how different AI systems work in detail, what their effects are and how to deal with them (A2, 

28:51; D, 9:07; U, 8:14; X, 25:41; R, 26:31). Thus, nearly all the experts argue that AI systems must 

be understood by citizens and non-technicians, to gain agency over how particular AI technologies 

affect their lives, a situation which is not yet achieved. One respondent proposed to include 

“explainability” as a requirement for future regulations on AI usage and development, as this would 

enable citizens and a wider public to reflect and engage with existing systems (A2, 28:51). 

Understanding the functions and characteristics of AI systems and being able to interpret them is 

hence a requirement to provide users, consumers, and the public with the agency to make decisions 

towards which AI systems they would like to use, where and how. 

 

“The right to decide is something that must be considered in any technology: from the sales processes, 

contracting contemplating all aspects of transparency and legality to the way in which an app can help. All 

areas of a company must be aligned with this concept.” (A3)  

 

C. Participation and benefit 

Most of the interviewees mention approaches to participation as a crucial aspect for a fairer 

development of AI. “Participation” in general is highlighted as necessary on various levels to shift 

agency in the development of technologies from powerful to less powerful actors.  

 

“AI should be for the benefit of everybody. And through that we do work that speaks to creating digital 

public infrastructure, access to data, digitising, indigenous and low resource, and under-resourced languages, 

using AI for food security, stuff like that.” (D, 15:30)  

 

First, this refers to the civil society and citizens, who should be involved in the decision-making 

processes of how and which AI technologies are developed, in relation to their needs and wishes. 

Accordingly, large parts of the society, especially marginalised communities and groups of people 

are structurally excluded from decisions surrounding the creation of new AI systems and the 

conditions under which these are applied, although they are impacted by them. At the same time, 

as two respondents highlight (Y, 8:48; D, 18:01), participatory approaches must be designed in a 
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way that those participating benefit from the outcome. Thus, it must be assured that their ideas 

and time are not exploited but compensated, they must understand their role in the development 

process and be able to access the outcome and data that is generated in the process. 

 

Secondly, participation is mentioned in relation to agreements between states. For example, African 

stakeholders are explained as “generally not participating as equal discussers or debaters in […] 

conversations about AI governance” (A1, 17:00), with one expert even saying that “nobody ever 

considers what we [from an African perspective] have to say” (D, 1:02:21). Some historical relations 

between technology and abuse of power (apartheid and role of tech) have been highlighted too. 

Similarly, Latin American populations are underlined as limited in their possibilities to participate 

in governance decisions on technologies (P1, 22:06). 

 

Most interviewees agree on a problem of a high level of exclusion in decisions regarding AI 

development, usage, and regulation. Those impacted have little opportunity to be involved in the 

debate, moreover, certain regions are excluded from state-level cooperation. Hence, various 

interviewees underline that most efforts towards building ethical or fair AI frameworks are 

ineffective, as they are not diverse enough and hence either do not capture the reality of different 

contexts and fail to work or are rejected by those that feel excluded from their creation. They come 

from top-down approaches. On the contrary:  

 

“Scientists working on AI are not able to decide whether it is ethical or not, because they're not experts. This 

should be something experts on ethics should define. But at the same time, the person who's developing the 

AI system is the one who's able to understand the biases, where are them and how to make changes.” (X, 

25:41)  

 

In the same direction, two interviewees criticise a lack of diverse perspectives in the development 

of fair and ethical AI frameworks on state and company level. Accordingly, most frameworks are 

discussed by representatives which are “pushing […] their own ideas on how to improve AI for 

good” (P1, 8:32), thereby making it “difficult for others to sign on, either because they feel like 

they were not part of that process, they were not included, or they feel […] the sort of agreements 

and perspectives that are expressed in those frameworks do not represent their contexts” (A1, 

11:47). Therefore, one expert highlight that, “if we don't change these asymmetries of power when 

speaking about technology, when building technology, when using technology, then we won't 

guarantee that technologies will be used for good” (P, 35:07). These views hint at a structural 

imbalance of power between state actors and groups in society, which contribute to an unequal say 

in decisions regarding AI systems and how they are used, designed, and applied. 

 

D. Transparency and accountability  

On another hand, not even experts can fully understand AI systems' decision-making process but 

there are some initiatives working on applying neuroscience to ML to understand how neural 

networks work in certain situations, which gives insights about possible biases (X, 3:27). 

 

“Bias is also about how strongly you generalise. [...] It's not only about the dataset because people can also 

detect biases in the algorithm and choose to correct them or not. But what if they are not aware of these 

biases… or they do not consider them biases?” (X, 7:19) 
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This shows the importance for developers of AI systems, of being transparent about their AI, 

showing openly what they do not know and in which parts biases exist. Further, others have 

proposed simple mechanisms such as a standard quality seal. One of the interviewees describes this 

with an example of delivery applications: 

 

“If I use an APP with the "IA+" seal, it means that the AI behind the delivery app I use is ethical and does 

not employ only the fastest riders to deliver orders. Perhaps the fastest riders, on the contrary, are the ones 

who skip the most traffic lights, or those who have the most anxiety problems or poor quality of life.” (A3)  

 

There is an interesting approach, compared to the other interviewees, because it shows an 

optimistic view on overcoming biases in AI systems. The expert (X) states that we do have biases 

as human beings and these are reflected on datasets, “we cannot open a human's brain, but we can 

analyse a neural network of an algorithm, and in future this will become easier to do, so it won't be 

hard to correct biases and create systems that are less biased than nowadays.” (X, 22:38)  

 

“I think it's going to be easier to build machines that are not racist than sort of racism in humans.” (X, 22:39) 

 

Another main point of discussion brought up in the interviews refers to the inequalities existing 

about physical access to AI technologies. P1 (19:29), for example states that “[AI technologies are] 

fantastic technologies but technologies for rich people. And white people.” Some of the 

interviewees illustrated their statements by recounting their background from villages and cities in 

Global South countries and the limited access of the population in these places in accessing and 

benefiting from new technologies, because of global, structural inequalities (P1, 19:29, A1, 0:31; R, 

20:13). There is hence an imbalance on a global scale between those developing and at the same 

time benefiting from new AI technologies and those being deprived of using and participating in 

their development. Also, as one interviewee remarks, despite the initial democratic idea on which 

new platforms like the Internet were created there are groups within the society which have limited 

access and possibilities to benefit from AI applications, according to their socioeconomic and class 

status, but also based on age, gender, and accessibility: 

 

In the beginning, technologies were created to democratise knowledge and to make everyone access it, learn 

from it and communicate to generate communal knowledge. [...] From then on, everything developed with 

technologies like AI has a bias which limits exactly this feature of providing equal access to everyone. Not 

only because the people do not have the necessary knowledge and they are not provided this knowledge but 

also because accessing these resources is costly, difficult or they do not have the necessary infrastructure for 

it. (P2) 

 

There is a shared reflection on how people and especially vulnerable groups do not know how to 

interact with technology or what they are signing up for (cookies, algorithms). The interviews reveal 

a deep concern about the unequal possibilities to participate in the creation and usage of AI 

technologies, which make the latter an improvement mainly for already privileged people, although 

there is room for improvement of AI systems and its usage to tackle inequalities (which has been 

referred to in the paper as “positive AI” by the authors).  
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Also, the access to AI is impeded by the dominance of commercial interests in the AI sector, which 

result in a focus on corporate profit, over risks and harms for societies and especially marginalised 

people (D, 5:24; A1, 34:14, 46:35; U, 26:38; Y, 15:43). For example, in one situation a respondent 

explains how access to a certain technology for people in a rural African setting was hampered due 

to the abandonment of the project by the involved company, as revenues seemed to be 

unexpectedly low (A1, 46:35).  

 

“In the end people working there want to do good, and the company too, but their purpose is to serve the 

interests of clients... And by doing so, you need to comply with so many regulations but also to try to go for 

the cheapest /efficient option. [...] Your goal is either reducing costs or making money." (D, 5:24) 

 

In addition to this, an open access to data is mentioned as an aspect, which could lead to a larger 

scope of actors benefitting from data collection and datasets (D, 48:14; R, 30:43; Y, 8:48, C, 14:14) 

while, however, the protection of data is essential, so that sensitive data is not shared (D, 48:14). A 

negative aspect is that open AI is available for those who have Internet access and knowledge of 

programming languages among certain technical skills (C, 3:51).  Especially in African contexts, a 

lack of data is highlighted as hindering research and work which could provide useful insights (R, 

20:13; A1, 23:16). One respondent makes a regional comparison, highlighting that open source is 

just recently considered by European policies and companies as a strategic factor for the 

development of AI (C, 14:14). 

 

E. “Techsolutionism” and hype about AI 

Another common topic shared by some of the interviewees regards a critique towards a general 

“hype” about AI technologies and a short-sighted “techsolutionism” in many sectors, which 

promotes AI technologies as a one-size-fits-all solution to complex and diverse topics. Relating 

this trend to earlier, historical narratives about new technologies, like new media, computers, and 

televisions, A1 (0:31) asks: “why do we keep falling into that same trap […] thinking that technology 

is going to solve our problems, after example, and example of it not doing so”. One respondent 

named this situation “the unfulfilled promise of AI” (Y, 40:00), while other experts described it as 

“selling the idea of AI being the magical tool that will solve our problems” (P1, 15:09) and 

considering AI as “our holy grail” (R, 17:23). However, yet another interviewee remarks, “people 

think AI can do so much stuff [but] the more you talk with experts, the more you come to realise 

it actually cannot.” (U, 16:35). 

 

In the same direction, various respondents criticised a “blue washing” of AI models, by strategically 

using terms like “fair”, “ethical”, “inclusive” AI (O, 12:40). According to one expert opinion, these 

terms are used for marketing purposes, although the conceptualisation and design behind the 

model are not corresponding to the word’s meaning. As an example, O (12:40) recounts that in an 

expert group of 52 people, organised to discuss ethics in AI development on the EU level, only 3, 

were professional ethicists.  

 

One main criticism formulated in relation to a prevailing hype about AI is the failure to 

acknowledge the still existing power structures and multiple inequalities in the world, which, instead 

of being solved by new technologies such as AI systems, define who benefits from these systems, 
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or worse, are deepened by them. There is thus a plea for a more nuanced and contextualised dealing 

with AI technology as a solution for contemporary problems, which considers existing structural 

inequalities and the stakeholders and systems that reproduce these. Therefore, some experts 

propose a holistic view of AI technology, which goes beyond AI as a technical system and instead 

includes the practices, institutions, relationships, and norms attached to it (P1, 8:32). Moreover, 

this implies considering the resources involved in the production of electronics required for any 

AI system, the deployment and disposal of these, as well as the working conditions of those 

involved in the training and building of AI and technological devices (P1, 4:23; U, 19:38, Y, 24:17). 

According to these perspectives, such a holistic view allows one to assess the effects of new and 

existing AI systems in their complexity, without simplifying the impacts and risks. 

 

F. Legislative framework and auditing 

Experts agree it is a swampy terrain, in the sense that the heart of intellectual property must be 

opened so that there is a regulatory framework for everything that is built. In general, AI systems 

have not been evaluated (or audited) to explore whether the tool presents biases that promote 

discrimination or stereotypes towards vulnerable groups (people with disabilities, the elderly, 

migrants...). Applying external audits (to the internal organisation) to analyse the state of 

cybersecurity could be a possible solution:  

 

“The control mechanisms audit who modifies the configuration of the tool. In relation to cybersecurity, we 

have put end-to-end encryption measures, database encryption, digital certificate access to any system, mac 

filter to any server, password blocking system by brute force... We do not consider ourselves experts in 

cybersecurity, but we have carried out an internal audit to carry out the necessary measures.” (A3)  

 

All interviewees agree on the need of establishing ex ante measures and regulations before 

algorithms are used and AI systems are launched.  

 

“I think it is better that it is before launching on the market. In the end, an algorithm that does not respect 

the principles can be very bad for society and therefore, in the same way that a medicine must follow a 

regulatory process, software must also follow it. Additionally, I think that there is a counterpart, and it is the 

slowdown and agility when launching anything to the market. Therefore, it may be convenient to regulate in 

which areas this prior certification must exist or not.” (A3)  

5 Final reflections and recommendations  

Drawing upon the above analysis this section presents reflections and recommendations for 

possible frameworks and agreements towards fairer uses of AI and further ends with some 

concluding remarks. 

 

Mechanisms and actions to prevent or mitigate algorithmic bias. The main conclusion 

regarding biases in AI systems is that it is impossible to have an algorithm without any type of bias, 

just as it is impossible to be a human being without any type of bias. Humans transfer our inherent 

biases to algorithms, and when values and ethics are changing systems, it is difficult to have 

something that would fit everything and everybody for a long period of time. This could be tagged 

as an historical approach: even if we try hard to remove biases, and algorithms sometime in future 
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are unbiased, society will keep changing and there will be new challenges and biases to face. Also, 

depending on the culture the application of algorithms and the overcoming of certain biases (and 

what society understands as biases) may differ between countries, regions, or even societal groups.  

 

Data collection and processing are also subject to -partial and biased- human criteria, and data 

disequilibrium can underrepresent groups, perpetuating inequalities. In this sense, algorithms can 

be biased because there is missing or inaccessible data due to privacy issues, or because biases are 

generated when an AI learns from its given environment. If patterns or values of discrimination 

are part of a given society and the AI system reproduces them too, progress in this sense will be 

affected. The main challenges to face regarding AI are black boxes, false positives, and 

discrimination due to biased systems and data, and negative or unexpected outcomes.  

 

Therefore, context and culture matter. Datasets are the beginning of AI systems, and their data 

must be broad and representative enough. For this purpose, experts highlight the need of: diversity 

in the team that creates the learning model (e.g., multidisciplinary teams with people from 

different social and geographical backgrounds), data from people of different profiles (e.g., socially 

vulnerable, elderly, isolated from technology), people from the country or group where the data is 

collected from, so intrinsic characteristics can also be taken into account and context and lifestyle 

can be also understood,  to engage people in the elite of companies that are developing algorithms 

and collecting data so they do know the country, the sociocultural contexts and the people, among 

others. 

 

Further, as the experts make clear in their answers, an international legal instrument towards 

fair or ethical AI must build on the acknowledgement of difference in both approaches and specific 

technologies. Following this, different contexts and perspectives should build the fundament for 

concrete formulations of transgovernmental regulation and international mechanisms.  

 

Accountability and transparency. An international agreement should further refrain from 

declaring AI technology as a “one-size-fits-all” solution to current problems in the world and rather 

provide a transparent view on the limits and risks of AI systems. The "one size fits all" approach 

will not work, even if collecting data on large global scales, as contexts greatly vary, and the results 

cannot be adapted. It is thus the responsibility of governmental and corporate developers and users, 

to explain their AI systems, their way of functioning and the possible impacts. Legislative 

frameworks and policies must hold these actors accountable for making transparent how their AI 

systems work, on the basis of which data, and make this knowledge easily accessible and 

understandable by those impacted. As most interviewees highlighted the failure of self-designed 

control mechanisms and guidelines by corporations and governments, regulation should assure a 

high level of accountability to incentivise actors to comply with the agreements.  

 

Transparency and accountability must be guaranteed from the beginning, including all relevant 

stakeholders, and specially marginalised and affected groups or communities. Also, information 

about any public-private partnerships must be shared, as well as people must be informed when 

their data is being used by an algorithm or when they are exposed to AI tools and applications, 

specifically in the context of public services (e.g., justice, social services, healthcare, etc.).  
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On that note, a critique of neoliberalism has been spotted: mostly, private companies have led the 

development of artificial intelligence in recent years. Among interviewees there is a superfluous 

criticism towards the way the private sector is behaving when it comes to the use of algorithms, 

and at least three of them agree that fiscal incentives would help promote the development of 

fair and ethical AI systems by private actors. 

 

Further and constant research: topics to bring to a global debate on AI. In the field of 

Artificial Intelligence there is room for research on topics such as sustainability, how to properly 

audit algorithms, the use of natural resources for AI purposes, the expenses from technical use, the 

impacts on human behaviour, and the effects of biases, on data protection, transparency and 

corruption, and how basic trust in government would influence AI systems, dehumanisation of 

technology and AI depending on the final product shape (e.g., a robot, an algorithm), among so 

many others.  

 

Also, it has been observed a trend within the interviews where women show more concerns 

towards the impact of AI biases. This could be related to how women experience multiple 

discriminations, AI biases being just one of many. 

 

This paper has identified complex questions that show potential research pathways. Future 

investigation should go further into detail on ways to operationalise concepts such as positive, fair, 

safe, or equitable AI, to develop a basis for assessing the compliance and applicability of legal 

instruments.  

 

Governance, participation, and access. The qualitative data makes clear that any effort for an 

international agreement on AI must pursue a contextualised and inclusive approach to be effective. 

Thus, a multitude of different stakeholders from diverse perspectives and fields have to be part of 

the debate. Prevailing structures of unequal power relations and exclusion in international decision-

making processes impede an effective and equitable development of AI agreements, as relevant 

actors are deprived from shaping possible outcomes. There is hence a responsibility of richer and 

more powerful countries, to reflect their own position within such debates and acknowledge a 

necessary shift of agency, to develop control mechanisms which go beyond a system of self-

control.  

 

Following the previous section, it is important to create alliances and spaces where to discuss AI 

(forums, congresses, etcetera). Social organisations and Third Social Sector should also be able to 

put pressure on corporations and governments so that future AI systems benefit (or at least do not 

harm) the most vulnerable.  

 

A bottom-up and governance approach is needed for the co-production of AI systems and 

products in all stages where it is technically possible. Education and literacy on AI are needed, 

promoting freedom of opinion, digital literacy, empowerment and control over the governance and 

use of personal data; humans should be able to supervise AI processes and evaluate results to 

revoke any failure and guarantee ethical principles. 
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In this sense, it is necessary to highlight the importance of putting people (the person) at the centre 

of each AI system or algorithm design (user-centred approach). This means that the information 

or knowledge generated should only be available to the developers, companies or whoever is using 

data when it is strictly necessary and with people’s consent.  

 

In addition to this, the qualitative data shows the importance of channelling more efforts towards 

making AI technologies accessible for a wider range of people, so that not only a privileged few 

benefit from them. This includes both securing access to the usage of AI systems and to the ability 

of understanding AI technologies and the way they work. Concretely, digital, and technological 

education should be available for everyone, no matter their gender, sex, age, race, religion, opinion 

and geographical background or any other personal or social condition or circumstance. 

Accessibility to algorithms should improve in terms of making AI systems more understandable 

for a wider public, people not working in the tech industry or for people with disabilities who may 

experience difficulties with interaction and usability. This is related to the current digital divide that 

so many minorities and vulnerable collectives are experiencing (ageism, language barriers or under 

representativeness, financial power, education, gender, race…) because they are not represented in 

the global digital infrastructure. Inclusivity is related to accessibility. There is thus a need to tackle 

the fundamental historical lines of exclusion and exploitation on local and transnational levels, 

which continue to define the unequal access to AI and other technology. 

 

Concluding remarks. This research explored examples which have been tagged as “good” AI, 

investigating the relationships between structural inequalities, risks, benefits and the usage and 

development of AI technology. The goal was to investigate possible examples of AI usage as a 

mean to tackle existing inequalities, by talking to actors from multiple professional backgrounds, 

working from critical perspectives in the field of AI and technology. The opinions and views 

expressed in the interviews vary regarding the assessment of the current state of AI usage and the 

possibilities of AI systems in the future, so different future scenarios have been envisaged.  

 

It is important to highlight that “good” AI could encompass a wide range of concepts that are 

difficult to define, difficult to find a consensus around and even more difficult to operationalise. 

As seen through the literature review, it is linked to equality, inclusivity, non-discrimination, 

fairness, ethics, trustworthiness, and especially to the ability at preventing or avoiding biases (or 

being transparent about it) and at adapting at every context.  

 

Therefore, it remains an abstract term that has allowed us to approach less pessimistic ways of 

conceiving AI, meaning ways in which AI is used for “good” purposes but also mechanisms that 

allow AI systems to probably mitigate the biases they may pose. There are examples where AI 

benefits certain parts of societies, like applications detecting an erratic pattern of activity that helps 

to detect an early situation of physical or emotional discomfort.  

 

The present research finds that there are numerous examples of AI technologies which benefit 

parts of society and lead to an improvement in different sectors, like health, social services, 

agriculture, or education. However, despite the existence of “good” AI usages, structural 

inequalities still prevent most of the global population from accessing such AI technologies. Hence, 
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while there might be beneficial and “positive” examples of AI usage, their deployment adds to 

existing inequalities, by deepening the gap between those benefiting from them and those not able 

to profit. There are only a few examples of AI usages which tackle the structural inequalities which 

exist on global and regional levels, as for example in artistic projects developing feminist or queer 

AI, or with projects like the “Algorithmic Justice League” in the US. If the contemporary power 

imbalances on a global and local scale continue to persist, it is unlikely that AI technologies or 

agreements on the latter will lead to an improvement. Instead, access and agency regarding AI 

technology will remain beneficial for some privileged actors only, leading to a worsening of 

inequalities in the world. 

 

In conclusion, the international debate on AI systems is about boosting innovation versus ensuring 

respect to human rights, as well as the perpetuation of inequalities generated or reproduced because 

of the existent biases in algorithmic systems. To equilibrate this debate, some experts highlight the 

importance of fiscal incentives for companies that produce fair and positive AI systems, which is 

something that is only achievable by a good amount and representativeness of data. Also, AI 

systems’ impact on human rights should be evaluated.  

 

Therefore, beyond research and academia, it is essential to create transgovernmental and global 

debates around AI and the challenges it poses: biases, data protection, environmental issues, gender 

perspective, inequalities. A space for multi-actor discussion is key to avoid regional power 

asymmetries in decision making regarding AI systems. In this sense, beyond the need for 

international regulation, further steps require the creation of an overseeing organism to 

lead the global debates on AI futures.  
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Appendix 

 

 
Figure 2. World map of national AI policies and strategies. Source: OECD.ai.  

 

 
Figure 3. Overview of applications and expected biases. Source: own elaboration. 
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Geographical background of the interviewed experts 

 

 

 

Figure 4. Background data of the interviewed experts. Source: own elaboration.  

 

Semi-structured interview questionnaire 

  

1. Short bio of the interviewed person  

2. Which AI projects are you currently working on, and would you like to share with us? 

2.1 Specific focus on certain projects: Tell us more about your project on… 

3. What motivates you in your work? 

4. What are reactions you get to your work/research/engagement with AI? 
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4.1. Specific focus on AI as a male dominated field: are there reactions related to that? 

5. What does “positive” or “good” AI mean to you? 

6. There are different terms and concepts regarding “good” AI, like “equitable”, “fair”, 

“transparent”, “ethical”. Is there a term you prefer and why? Which terms do you use to describe 

“good” AI? 

7. Which are the initiatives regarding “fair, inclusive, ethical” AI you have developed so far? 

8.     Would participatory AI be a solution? How would “participatory AI” look for you? 

9.     If you could design/speculate about a future utopia, regarding technology and AI, how would 

it look like? /If you could design the best AI ever, how would it look like? Which values are the 

most important? 

10.  How can AI development be aware of the racial and sexist structures within the history of 

technology (e.g., medical history, female computers, ignoring of women and queer, Black people 

in sciences, Western idea of technological superiority over others, technology as legitimisation to 

colonise, etc.) 

11.  How important is data gathering? 

11.1 How do you control that the input data is not biased? 

11.2 Who collects the data and who developed the algorithm? 

12.  What are the most important aspects that the debate about AI should take up? What are three 

aspects you would change/you are changing in the debate on AI? 

13.  What is different about a feminist/equitable/accountable/etc. AI, from a conventional AI? 

How does such an AI look like? 

14.  What impedes the development of “good”/ethical/equitable, … AI?  

15.  What relation is there between agency and AI? 

16.  Do you think we need financial incentives to promote/develop equitable AI? In which 

contexts and how? 

17.  With regards to regulation… 

17.1 Is AI regulated in the country in which you are based? 

17. 2 Which organism/institution oversees developing an AI regulation in [name of the country]? 

17.3 What are the main traits of this regulation?  

• How does the regulation make sure that companies are using ethical, non-biased algorithms? 

• What are the consequences of not doing so? 

• How can citizens claim against an abuse/discrimination of an AI system if they do not have 

access to the font code of the algorithm? Which measures could solve/mitigate this problem? 

• Some countries want to establish ex-ante measures and force companies to disclose part of 

their algorithms before they are in use to audit them. Others prefer to establish ex-post 

measures, that is, once companies have already vulnerated the regulation. What are the prons 

and cons of each approach? What do you think is better for citizens? 

• Which stakeholder is the most protected by the regulation? (i.e. citizens, large AI companies, 

SME AI companies, other companies, NGOs, etc.) 

• Which measures/mechanisms should the AI regulatory framework contain to protect citizens 

against an unethical use of an AI system? 
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Survey questionnaire 

 

Structure 

The questionnaire entailed seven sections: 1) General information, instructions, and checkbox for 

consent; 2) Demographic data; 3) GAAIS scale (see Schepman and Rodway, 2020, 2022); 4) 

Attitudes towards AI regulations; 5) Attitudes towards risks and biases; 6) Attitudes towards fair 

and ethical AI; 7) End of questionnaire and thank you note. Sections 3 - 6 entailed one dummy 

question respectively to check whether participants would read the questions carefully. Every 

section started with a short introduction to the main theme of it as well as short instructions. The 

main type of questions used were Likert-type items (scale 1-5, where 1 = “strongly disagree”, 2 = 

“disagree”, 3 = “neutral”, 4 = “agree”, 5 = “strongly agree”). Other than that, also some multiple-

choice questions were included. The questions were the following: 

 

• Demographic data 

o Age 

o Gender identity 

▪ female 

▪ male  

▪ non-binary 

▪ transgender 

▪ intersex 

▪ I prefer not to say 

▪ Other (open text option) 

o Country of residence 

o Highest educational attainment 

▪ No educational attainment 

▪ Primary education 

▪ Secondary education 

▪ Advanced education (e.g., bachelor's degree, master's degree, short-cycle 

tertiary education) 

▪ Doctoral studies or equivalent 

▪ Other (open text option) 

o What type(s) of organisation(s) are you part of?  

▪ Private sector (SMEs and start-ups) 

▪ Private sector (large national company) 

▪ Government - Public Administration 

▪ Third Social Sector (social economy, NGOs) 

▪ Research 

▪ Citizenship initiatives 

▪ Other (open text option) 

o Where is the company/organisation/institution you work for located?  

o For how long have you been involved with AI in a professional, academic, or 

educational manner? 

▪ Less than 2 years. 
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▪ More than 2 and less than 5 years. 

▪ More than 5 and less than 10 years. 

▪ More than 10 years. 

o What are you applying AI to? What is your work on AI related to? Please, select a 

maximum of 3 fields.  

▪ Ethics 

▪ Research 

▪ Regulation 

▪ Security and military purposes 

▪ Education 

▪ Social services 

▪ Healthcare 

▪ Consumption and leisure 

▪ Urbanism and environment 

▪ Public administration 

▪ Other (open text option) 

 

• GAAIS 

o Artificial Intelligence can provide new economic opportunities for my country. 

o I think Artificial Intelligence is dangerous. 

o Artificially intelligent systems can help people feel happier.  

o Organisations use Artificial Intelligence unethically. 

o For routine transactions, I would rather interact with an artificially intelligent system 

than with a human. 

o I am interested in using artificially intelligent systems in my daily life. 

o Artificial Intelligence is exciting. 

o An artificially intelligent agent would be better than an employee in many routine jobs. 

o Artificial Intelligence is used to spy on people. 

o I am impressed by what Artificial Intelligence can do. 

o Artificially intelligent systems can perform better than humans. 

o I think artificially intelligent systems make many errors. 

o Much of society will benefit from a future full of Artificial Intelligence. 

o Please respond with selecting button number 3. 

o I find Artificial Intelligence sinister. 

o I would like to use Artificial Intelligence in my own job. 

o Artificial Intelligence might take control of people. 

o There are many beneficial applications of Artificial Intelligence. 

o I shiver with discomfort when I think about future uses of Artificial Intelligence. 

o Artificial Intelligence can have positive impacts on people's wellbeing. 

o People like me will suffer if Artificial Intelligence is used more and more. 
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• Attitudes towards AI regulations 

o There is a need of a more efficient implementation of AI-regulations in my region. 

o Anyone should be free to develop and apply AI as they want. 

o Please select 1 "Strongly disagree" 

o AI regulations should be created in accordance with the public opinion. 

o The public opinion is taken into consideration to a satisfying extent in current AI 

regulations in my region. 

o AI regulations in my region and at the current moment are effectively helping to create 

a good living standard. 

o There is a need for international AI-regulations. 

o Too many regulations of AI restrict the freedom for innovation and impede 

development. 

o There is a need for an international institution that regulates AI globally. 

o Authorities in my region responsible for AI regulations are aware of potential biases of 

AI applications under their supervision. 

o AI regulations in my region ensure that any given AI application is as unbiased as 

possible. 

o AI is sufficiently regulated in my region. 

o Institutions involved in AI should be free to decide for themselves which regulations 

they commit to. 

 

• AI risks and biases 

o Official institutions involved in the regulation of AI in any given region should 

thoroughly test AI applications for biases. 

o It is important to check AI applications thoroughly and regularly for biases. 

o I think that it is hard to discover/recognize AI biases. 

o AI applications I am familiar with… 

▪ … display biases. 

▪ … contribute to inequalities. 

▪ … contribute to equality. 

▪ … are fair. 

▪ … are unbiased. 

▪ … Other (open text option) 

o Biased AI reflects biased structures of society. 

o The reasons for AI biases are biases of the programmers. 

o Most biases discovered in AI applications concern (Please choose max. 3 answers): 

▪ Gender, sex 

▪ Sexual orientation 

▪ Ethnicity 

▪ Socio-economic status 

▪ Skin colour 

▪ Educational background 

▪ Political orientation 

▪ Age 
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▪ Mental health 

▪ Physical disabilities 

▪ Mental disabilities 

▪ Other (open text option) 

o It is up to the originator of an AI application to check it for potential biases. 

o There should exist governmental regulations that require a thorough check for biases 

of AI applications. 

o The reasons for AI biases are biases in the data. 

o Official institutions involved in the regulation of AI in any given region should provide 

guidelines as to how to check for biases in AI applications. 

o I have felt disadvantaged by AI applications at some point in my life. 

▪ Yes 

▪ No 

o If you answered the previous question with yes, please indicate: I have felt 

disadvantaged by AI applications because of my (please choose max. 3 answers): 

▪ Gender, sex 

▪ Sexual orientation 

▪ Ethnicity 

▪ Socio-economic status 

▪ Skin colour 

▪ Educational background 

▪ Political orientation 

▪ Age 

▪ Mental health 

▪ Physical disabilities 

▪ Mental disabilities 

▪ Other (open text option) 

o By making AI-developing teams more diverse, biases in AI applications can be avoided. 

o I do believe that a truly unbiased AI can be developed. 

o Please type in the number 4 (as integer, without any additional symbols).   

o By making AI-developing teams more diverse, biases in AI applications can be reduced. 

o If an AI is biased it should be paused or not developed further until it is clear what 

makes it unsafe. 

o AI should be applied and used more transparently. 

 

• Fair and ethical AI 

o It is not important to tackle discrimination with/by AI, there are more important 

aspects to be solved. 

o AI regulations I am familiar with actively aim for equality. 

o I feel confident that AI developments head towards more fairness and equality. 

o AI applications can help to fight discrimination against vulnerable groups. 

o The development of an ethical AI is only possible if it does not interfere with the 

monetary (investment) returns. 

o I think that a large-scale implementation of fair AI can only happen with regulations. 
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o I think that fair AI will develop on its own, without the need of regulations. 

o AI regulations I am familiar with actively aim for fairness. 

o AI applications exist that help to fight discrimination against vulnerable groups. 

o Please choose 5 "Strongly agree". 

o To develop fair AI, the public opinion has to be taken into account. 

o I am satisfied with the status quo of existing AI applications in terms of their 

transparency. 

o I am satisfied with the status quo of existing AI applications in terms of their fairness. 

o To develop fair AI its development must be transparent. 

 

 

• Thank you note and comment section 

o Feedback and comments (open text option) 

 

Participants 

34 participants responded to the questionnaire. One participant gave incorrect answers to all four 

dummy questions, two participants to two dummy questions respectively. The former was excluded 

of the data set, the data of the latter two was decided to remain in the set as the rest of their answers 

seemed coherent with their other responses. The age ranged from 25 - 62 (mean age: 32). The 

countries of residence covered: USA, Spain, France, Switzerland, Austria, Slovenia, Germany, 

Belgium, Netherlands, Italy, Colombia, Chile, Jordan, Egypt, Singapore. With one exception all the 

participants indicated to have advanced education (e.g., bachelor's degree, master's degree, short-

cycle tertiary education) or higher. 5 participants worked in the third social sector (social economy, 

NGOs); 6 in the private sector (thereof 4 in SMEs and start-ups and 2 in large national companies); 

11 in research, eight in public administration; and 1 in citizenship initiatives. 10 participants worked 

with AI less than 2 years; 16 more than 2 and less than 5 years; 4 more than 5 and less than 10 

years; and 3 more than 10 years.  

 

Data handling 

Since it was not possible to gather a data set large enough for a reliable and valid statistical analysis 

the responses were only checked for trends. The Likert-type items were clustered to thematically 

coherent Likert-scales and plotted in the following graphs for visual analysis: 
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POLICY BRIEF
Potentials and challenges of Artificial Intelligence to tackle inequalities

Raquel De Haro, Mireia López Álvarez, Anna Katharina Osterlow and Franz Schmid

THE OBJECTIVE

THE KEY FINDINGS

OUR RECOMMENDATIONS
CONTEXT & CULTURE MATTER

ACCOUNTABILITY & TRANSPARENCY

FURTHER & CONSTANT RESEARCH

GOVERNANCE, PARTICIPATION & ACCESS

q Broad and representative datasets (difference
profiles and backgrounds of people)

q Knowing the (sociocultural) context from which the
data is collected

q Diverse and multidisciplinary work teams
q International legal instruments based on the
acknowledgment of difference

q AI technology is not a “one-size-fits-all” solution
q Transparent view on the limits and risks of AI
q Sharing information about any public-private
partnership

q Informing people when their data is being used by
an algorithm or when they are exposed to AI tools
and applications

q Hold actors accountable for making transparent
how their AI systems work

A space for multi-actor discussion is
key to avoid regional power
asymmetries in decision making
regarding AI systems. In this sense,
beyond the need for international
regulation, further steps require the
creation of an overseeing organism to
lead the global debates on AI futures.

q Bottom-up approach for the co-production of AI
systems including diverse stakeholders

q Investing in literacy on AI, promoting
empowerment and control over the governance
and use of personal data

q Putting people (the person) at the centre of each
AI system or algorithm design (user-centred
approach)

q Making AI accessible for a wider range of people
(elderly, disable, vulnerable…), especially those
excluded from the digital global infrastructure to
prevent digital divides

q Tackling the prevailing structures of unequal power
relations and exclusion in international decision-
making processes

q Room for research in AI sustainability, auditing,
impacts on humanity…

q Future investigation should go further into
operationalising concepts such as positive, fair or
good AI
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